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PREFACE

This report examines the extent to which the conviction rates, case disposition times, and
other adjudication outcomes of defendants from 14 large urban jurisdictions across the country
varied from one jurisdiction to another, All of these defendants were charged with certain
types of felony burglaries and robberies. Also examined were case and defendant characteris-
tics associated with outcome differences among these 2,263 defendants. Attempts were made,
for example, to determine which types of cases were most likely to result in a plea of guilty and
which would probably go to trial.

The results of these analyses were then combined to explore whether variations in out-
come rates among jurisdictions are attributable to differences in case mix or, alternatively, to
variations in state laws, local practices, and other factors. In short, we sought to ascertain
whether the outcome of a defendant’s case is driven primarily by the characteristics of that
case or whether the official and unofficial policies of the jurisdiction in which that case is pro-
cessed play a significant role in determining case outcomes.

We anticipate that the results of this research will be of interest to prosecutors, the
defense bar, the courts, and law enforcement agencies. The report should also be pertinent to
researchers who are investigating the operation of the criminal justice system as well as to
policymakers and administrators who are concerned about possible disparities in this system.

The research described in this report was supported by the Bureau of Justice Statistics in
the U.S. Department of Justice. This support allowed us to gather more data than are
presented in this report. Specifically, at some of the 14 sites, we were also able to collect infor-
mation about cases that had been dismissed by the prosecutor or filed as misdemeanors.
Analyses of these additional data sets and follow-up studies with the defendants whose cases
are discussed in this report are anticipated to be the subject of future research efforts.

A copy of our database has been made available to the public (see Abrahamse, Ebener,
and Klein, 1990).
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SUMMARY

INTRODUCTION

Does the state or county in which defendants charged with robbery or burglary have their
cases heard have a bearing on the outcome of these cases, or does one criminal justice system
apply to all?

Certainly it is known that large differences exist among jurisdictions in felony conviction
and incarceration rates. Counties also vary in the time they usually take to process cases—i.e.,
from the time of arrest to the point at which a defendant is released, acquitted, or sentenced.
It is not known, however, whether these variations in outcome rates and disposition times stem
from divergent state laws and local practices and conditions or from differences in the case
characteristics of jurisdictions. For example, cases filed for prosecution ir one county could, on
average, be more serious or have more evidence associated with them than those filed in
another county—and these characteristics, rather than any differences in state or local adjudi-
cation policies, could give rise to varying outcome rates and disposition times,

Any investigation of the effect of jurisdiction on adjudication decisions and disposition
times must therefore examine similar cases processed in different jurisdictions. If the out-
comes of these cases are comparable regardless of where they are processed, it is unlikely that
local policies and conditions have a unique effect. If, on the other hand, large differences
among jurisdictions remain after differences in case characteristics have been held constant,
support must be lent to the thesis that state laws and local practices (and the factors that
affect them) influence what happens to a defendant,

Previous research on the effect of state and county on case outcomes has been hampered
by a lack of requisite data on case characteristics. Existing databases simply do not contain
the information that is needed to assess the extent to which cases processed in one jurisdiction
are similar to those in another. Specifically, these databases do not offer comparable data
regarding important features of a crime (e.g., victim injury), the type of evidence obtained,
defendants’ prior eriminal records, and other factors that might influence case outcomes.

Another limitation of existing databases is that most monitor cases or charges rather than
defendants and are therefore blind to the fact that some defendants may have several different
charges pending against them at the same time. For example, a defendant who is out on bail
on an auto theft charge might subsequently be arrested and charged with robbery—a cir-
cumstance that might increase the chances that the defendant will plead guilty to robbery, auto
theft, or both. Little is known, however, about how many defendants have multiple overlap-
ping cases, and even less is known about the effect of such overlap on case outcomes.

If only a few defendants have multiple cases or if their presence has little impact on out-
comes, then the existing databases’ focus on cases rather than defendants will not seriously
bias conclusions. However, if many defendants have multiple overlapping cases, and if the out-
comes of these cases depend in part on each other, then these relationships would need to be
addressed in any comparison of outcome rates among jurisdictions.
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PURPOSES

Given the foregoing issues, we set out to answer the following questions:

1. Is it feasible to gather comparable data from different large urban jurisdictions
regarding the case and defendant characteristics of those charged with committing
certain types of robberies and burglaries?

2. Are the adjudication outcomes in these sites related to these case and defendant
characteristics?

3. Are the crime and defendant characteristics in one jurisdiction similar to those in
another site?

4, Would controlling for differences among sites reduce the variation in outcome rates?

How often do defendants have multiple overlapping cases?

6. Is the presence of such overlapping cases related to outcomes both before and after
other case and defendant characteristics have been held constant?

o

PROCEDURES

The sample for this study consisted of defendants who were charged with committing a
felony against a stranger that involved residential burglary or armed robbery. The 1,115 bur-
glary and 1,148 robbery defendants in the analysis sample were drawn from 14 urban sites:
Montgomery County and Baltimore City, Maryland; Los Angeles, Sacramento, and San Diego,
California; Dallas and Tarrant County (Fort Worth), Texas; Manhattan and Queens, New
York; Kansas City and Saint Louis City, Missouri; Atlanta, Georgia; Wayne County (Detroit),
Michigan; and Cook County (Chicago), Iilinois.” Only one of the sites invited to participate in
this research declined to do so. As a group, the 14 sites represent a cross section of large
metropolitan jurisdictions across the country (but certainly not the country as a whole).

At each site, we identified the population of those charged by the prosecutor with felony
burglary or robbery during a 12-month period. When the prosecutor’s office at a site had mul-
tiple branches, we limited our study to that branch which gave us the largest number of urban
cages. We then drew from the population of burglary defendants a random sample of those
whose alleged crimes involved residential burglaries against strangers. In this context, a
stranger was defined as someone who was not a current or former family member, a close
friend, or a crime partner of the defendant.

The prosecutor’s files at a site were searched to locate the hard-copy records of the
selected defendants. A RAND research team then abstracted an extensive array of data from
the records that were located. These data included information about the crime (e.g., victim
injury), evidence gathered (e.g., witnesses and recovery of stolen property), factors related to
the arrest (e.g., whether or not it occurred at the scene of the crime), and the defendant’s
characteristics, including prior criminal record, racial/ethnic group, and employment status,
Data were also gathered on any other charges against the defendant that overlapped in time
with the adjudication of the sampled offense. Taken together, these charges and the sampled
charge were designated as the defendant’s overlapping set of cases (or OSQC).
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RESULTS

We found that most of the defendants in our 14-site analysis sample were ultimately con-
victed and incarcerated. Of those charged with burglary, 88 percent were convicted and 74 per-
cent were incarcerated (i.e., only 14 percent received probation). The corresponding rates for
defendants charged with robbery were 84 and 78 percent. In both groups, most incarcerations
involved prison rather than jail time (and therefore longer sentences).

Most defendants who were convicted pleaded guilty rather than opting to go to trial; the
plea rates among convicted burglars and robbers were 89 and 81 percent, respectively. Defen-
dants who did not plead guilty had about a 50 percent chance of being released either because
their cases were subsequently dismissed or because they were acquitted at trial. However, the
nonplea group did not represent a random sample of those charged; instead, they were those
who stood accused of committing especially serious forms of burglary or robbery (e.g., where
there was victim injury) or those against whom the evidence was weaker.

Most burglary and robbery defendants had had some prior involvement with the criminal
justice system,  Nearly 75 percent had a prior adult arrest, over 50 percent had a prior convic-
tion, and more than 40 percent had a prior incarceration.

The cases against these defendants often had several features that increased the likeli-
hood of a conviction either by plea or by trial. For example, an eyewitness other than the vic-
tim or a police officer was present in 51 percent of the burglary cases and in 37 percent of the
robbery cases. The corresponding percentages of cases in which property was recovered were
60 and 48 percent. The rates at which subjects were arrested at the scene of the crime were 40
and 21 percent.

The more evidence against a defendant, the greater the conviction rate. For example, 93
percent of those charged with burglary were ultimately convicted when two or more of the fol-
lowing four types of evidence were present: an eyewitness, fingerprints, recovered property, or
a recovered weapon. The conviction rate dropped to 75 percent when none of these types of
evidence was present. The same pattern emerged for those charged with robbery.

About 23 percent of those charged with burglary or robbery were already on probation or
parole at the time of their arrest or had escaped from custody on another offense. Almost all
of those in this “under supervision” group were later incarcerated if they were convicted of any
of the crimes in their overlapping set of cases.

As would be expected from previous research in this field (e.g., Boland et al., 1989), large
differences were found among sites in the rate-at which defendants pleaded guilty, were found
guilty at trial, were convicted, and if convicted, were incarcerated and received a relatively
short or long sentence. The 14 sites in our database also varied with respect to the time it
took to adjudicate a typical defendant’s cass (i.e., the period from time of arrest to case disposi-
tion).

Our multivariate analyses examined how well the variation in outcome rates among sites
could be explained by differences in case mix (i.e., differences in the characteristics of defen-
dants and cases) as opposed to other factors, such as variations in local policies, practices, or
conditions. For instance, did one site have a higher conviction rate than another simply
because of differences in the amount and type of evidence thet was available at the time of
prosecution? We also examined how well various case outcomes (such as whether or not a
convicted offender was sentenced to prison) could be predicted from a combination of case and
offender characteristics.

This phase of our research found that some but certainly not all differences among sites
could be attributed to differences in case mix. For example, a few sites had outcome rates that
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differed significantly from the 14-site average both before and after controlling on case mix. In
other words, not all the variation among sites in outcome rates could be attributed to case mix,
One example of this variation was that even after case mix had been held constant, defendants
whose cases were prosecuted in one of our Texas sites were more likely to be convicted than
those whose cases were adjudicated in one of our Missouri sites. Some states and sites also
tended to take much longer than cthers to dispose of seemingly comparable cases.

Across all sites, the combination of case mix control variables allowed us to predict with
84 percent accuracy whether a deténdant charged with burglary would or would not be con-
victed, This rate is actually less impossive than it seems in that 79 percent of the defendants
would have been classified correctly simply by chance. For those charged with robkery, how-
ever, the case mix variables produced an 8-percentage-point increase in accuracy over the
chance rate of 73 percent. These high chance accuracy rates resulted from high base rates—
i.e., from the fact that most burglary and robbery defendants in our sample v'ere ultimately
convicted.

We also found that once this small adjustment for case mix was made, the addition of a
defendant’s state and site to the prediction system yielded only a 1- to 3-percentage-point
increase in the accuracy with which one could predict whether a defendant would plead guilty,
be convicted, or receive a relatively long or short sentence.

These findings do not mean that all state and site differences disappeared once we had
controlled for case mix. Even with these controls, for example, one site had an 8-percentage-
point higher-than-average conviction rate for those charged with burglary and a 15-point
higher-than-average rate for those charged with robbery. The corresponding rates at another
site were 5 and 9 percent below the 14-site average. In a similar manner, some sites were more
likely than others to send their convicted offenders to prison. Nevertheless, the rates at most
sites clustered closely around the 14-site average rate once control on case mix had been
achieved. This was especially true for disposition time.

There are two possible reasons case mix controls failed to eliminate more intersite varia-
tion. First, some state and site variations could result from differences in case characteristics
that we did not measure—e.g., witness credibility. Alternatively, differences in the laws, poli-
cies, and practices of the various states and sites might give rise to some variation. For exam-
ple, some offenders may be more willing to plead guilty in certain sites simply because the
probable alternative to entering a plea in their particular jurisdictions involves spending a long
time awaiting trial in a crowded jail. In addition, the plea bargains that prosecutors are willing
to accept may vary from one jurisdiction to another.

Taken together, the foregoing findings suggest that the base rates on some outcome vari-
ables are so high that one can fairly accurately predict what will happen to a defendant
without knowing anything about his case other than that charges had been filed against him by
the prosecutor. Once charges are filed with the court, the fate of one defendant will not vary
substantially from that of another. Adding case mix control variables to the estimation process
yields only a small to moderate improvement in overall classification accuracy, and adding the
defendant’s jurisdiction to the prediction system only slightly improves overall accuracy rates.

One important exception to these trends was that case mix variables did contribute to the
ability to predict whether a defendant would or would not be found guilty at trial. State and
site also contributed to classification accuracy, but to a much lesser extent.

Sites that had higher-than-average conviction rates at trial did not necessarily have
lower-than-average plea or overall conviction rates. Thus, the relatively high trial conviction
rates at some sites did not necessarily stem from differences among jurisdictions in the
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frequency with which cases went to trial. Differences in trial conviction rates among sites
therefore comprised one factor that contributed to variations in overall conviction rates.

The intersite differences found in trial outcomes and case disposition times were large
enough to suggest a need to examine why some sites had substantially higher rates on these
outecomes than did others (even after control had been attained for case mix). This could be
done by means of a more in-depth version of the case-abstracting procedures employed in this
research, together with a detailed analysis of the adjudication processes of sites with markedly
different outcome ra*es,

Our multivariate analyses also found that a defendant’s racial or ethnic group bore little
or no relation to conviction rates, disposition times, or other key outcome measures (that is to
say, the coefficients for these variables were not significantly different from zero or large
enough to have a practical effect on forecasting accuracy). These findings are consistent with
those of a recent study on sentencing decisions in California (Klein, Petersilia, and Turner,
1990). Because our study was limited to burglary and robbery defendants at urban sites, how-
ever, we cannot generalize our findings to other settings or offense types (e.g., drug or morals
casgi).

One important feature of our research was that we tracked defendants rather than cases;
in other words, we investigated what happened to a defendant in the context of all the charges
pending against him. As noted above, these cases plus the one that led the defendant to be
included in our analysis sample were designated as the defendant’s OSQOC.

We found that about one-third of the defendants in our analysis sample had at least one
ovorlapping case in addition to the sampled offense. In other words, the adjudication of these
other charges overlapped in time with the adjudication of the charge we set out to study.

Defendants with overlapping cases were much more likely than others to have high con-
viction and incarceration rates as well as long sentence lengths. However, these differences
disappeared once control was obtained on case mix.

We also discovered that about 4 to 5 percent of the defendants in our study had been
convicted of one or more of the crimes in their OSOC but had not been convicted of the charge
that led to their inclusion in the study. This finding suggests that the traditional method of
tracking the outcome of charges through the justice system will slightly underestimate the
overall rate at which defendants are actually convicted.

CONCLUSIONS

With few exceptions, defendants with similar case characteristics and criminal records
have about the same likelihood of being convicted and incarcerated regardless of where their
case is adjudicated. The same holds true for the likelihood that defendants will plead guilty
and for the time it usually takes to process cases from the time of arrest to final case disposi-
tion.

The jurisdiction in which a case is heard does beer a relation to whether or not a defen-
dant is found guilty at trial—but to a much lesser extent after control has been attained for
case mix. Some of the sites with higher-than-average trial conviction rates had lower-than-
average plea rates. Therefore, it would appear that some tradeoffs are made in plea and trial
conviction rates.

The characteristics of the cases that went to trial differed somewhat from those in which
there was a plea, Specifically, the more serious the case and the more evidence against the
defendant, the lower the likelihood of a plea. Thus, when defendants are more willing to take



their chances at trial, the stakes are high, the evidence is weak, or both. The likelihood that a
convicted offender will be sentenced to prison (or receive a relatively long term) was not
related to whether that defendant pleaded guilty or was found guilty at trial.

Consideration of a defendant’s full set of overlapping cases produced a small but notice-
able increase in overall conviction rates; defendants with overlapping cases were much more
likely to be convicted and incarcerated. But this appeared to be due to case mix—i.e., to the
fact that defendants with overlapping cases also tended to have more serious prior records and
case characteristics.

Taken together, the foregoing data suggest that local policies and conditions may play
some role, but not a critical one, in determining what happens to a given defendant.

FUTURE RESEARCH

The research described above ended with the sentencing decision. Follow-up studies of
the defendants in the analysis samples could therefore provids valuable information about
equity after sentencing, For instance, do defendants with similar backgrounds and case
characteristics serve comparable sentences regardless of where they were convicted? Such
studies could also shed light on the factors associated with recidivism. For example, do
offenders with certain case characteristics (such as having many overlapping cases) face a
greater likelihood of being arrested and convictéd again? And did those who were not con-
victed tend to disappear from the system, or were they convicted shortly thereafter of other
offenses? We anticipate that future studies will explore these important issues.
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I. INTRODUCTION

In previous research on criminal proceedings, large differences among jurisdictions have
been found on a variety of case-processing outcomes. Boland et al. (1989), for example, found
that 81 percent of the felony arrests indicted in Los Angeles County in 1986 resulted in convic-
tion, whereas only 46 percent of those in Chicago (Cook County) shared that outcome. In like
manner, the median time between arrest and trial was 170 days in Los Angeles as opposed to
274 days in Washington, D.C. This variation in case outcomes could be attributable to differ-
ences in jurisdictions’ laws, defendant and felony case characteristics, criminal justice
resources, social and economic conditions, or local attitudes toward crime or to some combina-
tion of these and other factors influencing policies and practices.

Learning more about the relative contributions of these factors to case outcomes could
have important policy implications; for example, it would be significant to find that certain
legal requirements or procedures tended to increase or decrease conviction rates. The only
feasible way to identify such effects, however, is to compare the outcomes of similarly situated
cases within different jurisdictions. In other words, one must ascertain whether any differ-
ences in outcomes remain among jurisdictions after case characteristics have been held con-
stant. If this proves to be the case, further research might uncover the source or sources of
these variations—findings that could in turn have important implications for criminal justice
policies.

Currently available case-processing databases, however, are not designed to allow for such
investigations. In these databases, which were constructed by tracking cases from time of
arrest (or filing with the court by the prosecutor) to final disposition (e.g., dismissal, acquittal,
or jail sentence imposed), the “crime type” ascribed to a case generally corresponds to the most
serious charge linked to that case at the time of arrest or initial court filing. Thus, a case in
these databases would be classified as “murder” if a defendant was arrested for robbing and
then murdering a store clerk.

The greater the number of categories and subcategories of crime types that are used for
this purpose, the greater the likelihood that truly different crimes will be placed in separate
categories and that the crimes within a category will really be akin to one another. The same
holds true for alternative ways of classifying defendants. Yet the more categories that are
used, the more difficult it becomes to summarize data and communicate results.

The recognition of this tradeoff between precision and simplicity, together with differ-
ences among states in the definition of various crimes, led the FBI (in its Uniform Crime
Reports) and others to use a fairly small number of crime categories. Each category therefore
covers a broad spectrum of crimes. Boland et al. (1989), for example, define robbery as “the
unlawful taking of property that is in the immediate possession of another by force or the
threat of force” and burglary as “the unlawful entry of a structure, with or without the use of
force, with intent to commit a felony or theft.”

Use of these broad categories makes it difficult to compare case outcomes, since jurisdic-
tions might differ substantially in the average seriousness of their crimes within a given
category. For instance, jurisdictions could vary in the relative frequency with which robberies
involve the use of a gun or result in physical injury to victims—yet such variation could have a
critical bearing on case disposition.



Several other potential differences among jurisdictions are not controlled in typical case-
processing statistics but could nonetheless significantly affect those statistics. For example,
jurisdictions could vary in their tendency to have defendants with serious prior criminal
records or in the frequency with which eyewitness testimony and other evidence linking defen-
dants to crimes are obtained.

Yet another limitation inherent in current databases lies in the fact that, by definition,
case-processing statistics track cases rather than defendants through the system. This policy
could produce misleading results for defendants with multiple overlapping cases. For example,
an offender who is out on bail for a burglary charge might subsequently be arrested for robbery
before the burglary charge is adjudicated. This situation could then influence the outcome of
both the burglary and the robbery cases; for example, the prosecutor might drop the robbery
charge in return for a plea of guilty to a burglary charge that carried a more stringent than
normal sentence for burglary.

A typical case-tracking system would not reflect this interaction between arrests involving
the same defendant and would therefore yield misleading data about them. Specifically, such a
system would record one less robbery arrest resulting in a conviction and one burglary conviction
carrying a more stringent sentence than normal. The significance of such a bias rests largely on
the prevalence of defendants with overlapping cases—yet little is known about this prevalence or
about its influence on outcomes. It is not known, for example, how many defendants actually have
overlapping cases or whether such defendants are more or less likely to be convicted or to receive
longer sentences than those without such cases.

Similarly, because they track only the most serious charge against a defendant, case-
processing statistics fail to distinguish defendants who have multiple incidents associated with
a given arrest (such as a string of liquor store robberies) from those with single incidents. Yet,
it seems reasonable to expect these two case types to yield different outcomes.

In addition, case-processing statistics are generally derived from prosecutor management
information systems (PROMIS)—systems that, by virtue of cost and other considerations, have
a large number of cases but relatively little data on each one of them and are thus of little use
in linking specific case and defendant characteristics with specific outcomes. As an example, a
PROMIS database could not be used to determine if, after control has been obtained for
specific features of a crime and the evidence obtained, a defendant’s prior criminal record or
drug use is related to his or her willingness to plead guilty.

A databage that contained more than the normal amount of information about each case
could address such questions, thereby providing valuable insights into the manner in which
various case characteristics are related to disposition outcomes. Such information would be
applicable to a variety of policy and operational decisions—e.g., in identifying a profile of those
cases within a given crime type that usually go to trial rather than resulting in a plea. Given
such information, more experienced prosecutors and public defenders could be assigned to
cases identified as “trial prone” at an early stage of the adjudication process.

In summary, differences in outcome patterns among jurisdictions may stem from varia-
tions in case mix, in policies and laws, or in some combination of all these factors. Any inves-
tigation of the unique effect of a site’s practices, policies (whether official or unofficial), and
laws must therefore begin by controlling for case mix. Only then will it be possible to explore
whether the same type of case is likely to yield an equivalent outcome regardless of the juris-
diction in which it is processed—or, alternatively, whether systematic differences in outcomes
exist among jurisdictions that transcend differences in case mix.

Given the variety of issues that could be studied with our database, we chose to explore
the source of differences in outcomes among sites because that variable illustrates the depth,



breadth, and utility of these data for examining criminal justice questions. If, after controlling
for case and offender characteristics, some sites were found to have more desirable outcomes
than others, it would suggest that something inherent in certain sites’ practices influences case
outcomes. Further, if such differences emerged among prosecutorial offices within the same
state, it would suggest that these differences are due to local practices and the factors that
influence them rather than to laws (because the criminal code is the same throughout a state).
In short, our analyses were designed to demonstrate an approach for identifying sites whose
strategies (both formal and informal) might be studied and adapted by other jurisdictions.

We recognize that what happens at a site is more than a function of official policies and
practices. In fact, actual practices and informal policies play a large role as well—and these
are influenced in turn by a host of social, economic, attitudinal, and other factors. Neverthe-
less, finding sites that truly differ with respect to their outcomes and then studying what hap-
pens at such sites should take us one step closer to identifying effective practices that other
jurisdictions can adapt to their unique situations.

PURPOSES

The research described in this report sought to ascertain whether the case outcomes of
similarly situated offenders, all of whom had been arrested for robbery or burglary, varied
among jurisdictions both within a given state and across states. In short, it sought to control
for many of the factors that might influence case outcomes in efforts to determine the unique
effect of jurisdiction on those outcomes.

One of the factors for which we controlled was the specific type of robbery or burglary
committed. For example, we restricted our study to armed robberies and residential burglaries
by a stranger to help ensure that the types of crimes studied in one jurisdiction were truly
similar to those studied in another.

The specific outcomes studied were case processing time; whether the defendant pleaded
guilty; whether the defendant was or was not convicted if he did not plead; conviction rates
(whether by plea or by trial); incarceration versus probation rates; and the lengths of sentences
imposed.

A second purpose of our research was to determine how well certain case characteristics
predicted the outcomes outlined above. These characteristics were divided into seven
categories: (1) the specific features of the crime committed, such as whether a gun or some
other weapon was threatened or used; (2) evidence obtained, such as fingerprints or recovery of
stolen property; (3) factors associated with the arrest, such as whether the defendant was
apprehended at the scene of the crime or under the influence of drugs; (4) whether other cases
were pending against the defendant; (5) the defendant’s prior criminal record; (6) other defen-
dant characteristics, such as race; and (7) the county and state in which the crime occurred.

We also examined whether use of the individual offender as our basic unit of analysis
would yield a different picture of the adjudication process than would the more traditional case
approach. We sought to ascertain, for example, whether offenders with multiple overlapping
cases faced a higher likelihood of being incarcerated than did those who lacked such overlap.
Similarly, we attempted to discover whether overlapping cases occurred frequently enough to
influence policy decisions or summary descriptive statistics about case outcomes. Finally, we
wished to determine if the presence of multiple pending cases against a defendant was related
in any way to various case outcomes,



DESIGN CONSIDERATIONS

Four factors guided the design for this study: crime type, site characteristics, scope of the
database, and unit of analysis.

We chose to assess armed robbery and residential burglary to ensure the inclusion in our
analysis of personal and property crimes that were both serious and common. As will be noted
in the next section of this report, our choice of robbery for this purpose restricted our study to
large urban sites, since only in such jurisdictions were offenders arrested for this crime in suffi-
cient number to provide a reliable basis for determining the outcome of such arrests.

The second critical design consideration pivoted on our need to have enough sites to reli-
ably assess the extent of variation among jurisdictions in the outcomes of similar cases. We
also wanted the final set of sites to provide adequate geographical coverage while permitting us
to analyze whether outcome differences among sites stemmed from unique site characteristics
or from state laws. For these reasons, we sought to include at least two sites per state in each
of four regions of the country.

The third factor guiding our design was our desire to collect a large amount of informa-
tion about each sampled defendant rather than a relatively small amount of data on a large
number of cases. Our goal was to determine whether a wider-than-normal array of data could
yield accurate predictions of outcomes, thereby providing a reasonably good control on case
mix for the purposes of investigating the unique effect of site and state on these outcomes.

The fourth factor that affected our design was our decision to use the defendant rather
than the case as our unit of analysis. The principal implication of this design decision was the
need to study all offenses committed by the defendant that might reasonably affect the out-
come of his sampled offense. All other things being equal, for example, two defendants might
be treated differently if one were arrested, released on bail, and then charged with another
crime,

We came to designate all the offenses that might affect the outcome of a sampled case as
the defendant’s overlapping set of cases, or OSOC. The primary implication of our decision to
analyze a defendant’s OSOC was the need to develop an operational definition of such cases as
well as a method for finding them. This turned out to be a significant challenge in that most
databases were found to be organized by case rather than by defendant—despite the fact that,
as we have come to discover, a large percentage of defendants do in fact have overlapping
cases.

The final design also considered tradeoffs among several factors, including (1) the fixed
cost of adding another site to the study (e.g., the resources required for learning how to access
and code its data and for hiring and training local staff); (2) the marginal cost of adding
another defendant to a site so as to increase sample sizes and thereby bolster precision in our
estimates of individual site effects; (3) the value of increasing precision within a site by having
more of its cases abstracted as opposed to learning more about the variation among sites (i.e.,
by having more sites in the study); and (4) the sources of information that could provide data
about a defendant and about the cost of accessing each source.

We initially planned to examine the outcome of cases that met our criteria for armed rob-
bery and residential burglary and that were brought to the prosecutor by the police for filing.
We wished to look at these cases in efforts to better understand the prosecutor’s screening
decision—i.e., to determine what factors contributed to the prosecutor’s rejection of the case or
to his filing of that case as a misdemeanor or as a felony. For the reasons discussed in Sec. III,
however, we were unable to gather adequate data on rejected or misdemeanor cases at all sites.
Thus, the current report focuses on cases that were filed as upper-court felonies.



The next three sections of this report describe the procedures that were used to develop
the database. Section V presents information about the outcome variables and contrasts the
outcome rates in our database with those in other databases. Sections VI and VII discuss the
univariate and multivariate relationships between case characteristics and outcomes, respec-
tively. Thus, readers who are primarily interested in these relationships may wish to skip to
those sections. Section VIII describes the special analyses we conducted with respect to over-
lapping cases, and Sec. IX presents our conclusions.



II. SITE SELECTION

Before we selected the sites for the bulk of our research, we conducted a pilot study at
two sites in Maryland—Baltimore City and Montgomery County. This pilot study investigated
whether it would be feasible to gather the types of data that were needed to carry out the
research. We also used it to field test the forms and procedures that were to be used for
abstracting information from case files.

The records we reviewed at the pilot test sites clearly demonstrated that several types of
crimes fall within the typical broad definition of a robbery or burglary. For example, both of
the crimes below were called burglaries in our pilot sites even though they differ greatly in seri-
ousness:

A divorced man returns to his former residence, lets himself in with a key, and takes the
TV set while his former wife is away.

A man breaks into a home of strangers at night and takes a TV set while the family is
asleep in another room.

Following a discussion of this variability in case characteristics with the project’s advisory
board, a decision was made to restrict our sample to armed robberies and residential burglaries
committed by adult males who were strangers to their victims—crimes that are most frequently
evoked when people hear the words “robbery” and “burglary.”

This decision to restrict our study to two specific crimes was based primarily on two fac-
tors: (1) it would further ensure that comparisons among sites in case outcomes would be
made on the basis of truly similar crimes; and (2) had we not divided a site’s sampled cases
among several different subcategories of robbery and burglary, we would not have had encugh
cases per crime per site,

Our decision to limit our research to crimes committed by strangers was driven by the
fact that a prior relationship between offender and victim is likely to influence a prosecutor’s
decisions about a case in ways that our measures might not detect. Similarly, we excluded
crimes committed by minors because of the large differences in the manner in which adult and
juvenile offenders are processed by the criminal justice system.

The foregoing decisions, together with the design considerations noted in Sec. I, led us to
search for sites that were likely to yield at least 120 defendants per year within each crime
type, thus ensuring that we could abstract records for at least 100 offenders per crime, Our
search was complicated by the fact that statistics are not readily available for most counties on
the number of adult males arrested each year for the specific types of crimes we chose to study.

On the other hand, the number of armed robberies committed in a given county is usually
much lower than its number of residential burglaries. Thus, all we really had to do was esti-
mate whether a sufficiently large number of armed robbery suspects had been arrested within a
county. If this was the case, that county was almost certain to have the requisite number of
residential burglary suspects as well,

To obtain a rough estimate of a county’s annual number of males arrested for armed rob-
bery, we combined statistics from the 1984 Uniform Crime Report (UCR) and the 1983 County
and City Data Book. The UCR statistics indicated that 38.1 percent of all violent crimes are
robberies, 49.2 percent of all robberies involve guns or knives, and 15.4 percent of every 1,000



reported robberies result in the arrest of an adult male. We multiplied the product of these
three estimates by 1,000 to conclude that for every 1,000 violent crimes reported, there will be
about 29 adult males arrested for armed robbery (1,000 x 0.381 x 0.492 x 0.154 = 29).

To be safe, we assumed a 25 percent margin of error around this estimate and concluded
that for every 1,000 violent crimes, at least 22 adult males will be arrested for armed robbery.
We then used data from the County and City Data Book, which contains the number of violent
crimes for each county, to identify those jurisdictions in which we were almost certain to find
at least 120 such cases per year. This process permitted us to draw up a list of 45 possible
jurisdictions, presented in Table 2.1.

We selected sites from this list according to three criteria. First, we sought regional
diversity—i.e., at least one site in each of the four major census regions. Second, in order to
compare within-state and between-state variation in outcomes, we wanted about two sites per
state. Third we wanted at least one site in New York City, widely regarded as the “robbery
capital of the world.”

The foregoing considerations led us to select the counties listed in Table 2.2. As this
table shows, the sites selected exhibit considerable demographic diversity with respect to
income, minority presence, and lower-income population, In addition, five states contain more
than one site. Consequently, the 14 sites selected, although in no sense a random sample,
exhibit significant variability along a number of important dimensions and, in particular,
represent a number of the large population centers of the United States. Only one of the sites
that we invited to participate in this research declined to do so.



SITES ELIGIBLE FOR SELECTION

Table 2.1

Estimated Minimum

Region Number of
and Armed Robbery 1980

County State Defendants Population
NORTHEAST
Kings NY 1,093 2,239,836
Queens NY 923 1,891,325
New York NY 697 1,428,285
Bronx NY 576 1,168,972
Philadelphia PA 388 1,688,210
Essex NJ 366 851,116
Suffolk MA 335 650,142
Allegheny PA 185 1,450,085
Richmond NY 172 352,121
Hartford CcT 120 807,766
SOUTH
Dade FL 669 1,625,781
Baltimore City MD 391 786,775
Dallas TX 321 1,666,390
Washington DC 319 638,333
Harris .4 31 2,409,547
Fulton GA 239 589,904
Broward FL 227 1,018,200
Hillsborough FL 184 646,960
Orleans LA 179 557,515
Shelby TN 168 777,113
Palm Beach FL 163 576,863
Tarrant X 143 860,880
Prince Georges MD 143 665,071
Baltimore MD 137 655,616
Orange FL 130 471,016
Duval FL 129 571,003
NORTH CENTRAL
Cook IL 711 5,263,665
Wayne MI 633 2,337,891
Cuyahoga OH 328 1,498,400
Saint Louis City MO 228 453,085
Jackson MO 1565 629,266
Franklin OH 136 869,132
Marion IN 120 765,233
WEST
Los Angeles CA 2,187 7,477,603
San Francisco CA 268 678,974
San Diego CA 257 1,861,846
Alameda CA 257 1,105,379
Maricopa AZ 217 1,509,062
Orange CA 198 1,932,709
King WA 168 1,269,749
San Bernardino CA 162 895,016
Multnomuh OR 160 562,640
Santa Clara CA 156 1,295,071
Sacramento CA 140 783,381
Clark NV 127 463,087




Table 2.2
DEMOGRAPHICS OF SELECTED SITES

Per Capita Percent Percent Percent

Region Jurisdiction State  Income Black Hispanic Poor
Northeast Queens NY 12,012 18.8 13.9 9.1
New York NY 16,368 21.8 23.6 18,7

South Fulton GA 12,357 61.6 1.3 17.6
Montgomery MD 16,966 8.8 4,0 3.0

Baltimore City MD 9,842 54.8 1.0 18.9

Tarrant X 11,219 11.7 7.9 6.9

Dallas X 13,630 184 9.9 7.9

North Cook IL 12,670 26.6 9.6 10.8
Central Wayne MI 11,486 35.6 1.9 11.8
Jackson (Kansas City) MO 10,514 19.9 2.6 7.9

Saint Louis City MO 10,336 46.6 1.2 16.6

West Sacramento CA 10,849 7.6 9.4 8.9
San Diego CA 10,961 5.6 14.7 84

Los Angeles CA 12,544 12,6 27.6 10,6




III, SAMPLE CHARACTERISTICS

INTRODUCTION

Although our research design as well as our criteria for inclusion in the sample remained
the same across sites,! the characteristics of our final sample and our sampling procedures
varied across sites owing to differences in the way sites organized and stored their data.

As noted earlier, the unit of analysis for our research was the individual offender rather
than the offense. However, the computerized information systems at our sites were typically
case based. Moreover, each system had its own definition of a case that conformed with the
information-tracking needs and the legal and administrative structure of that jurisdiction. For
example, sites differed in the manner in which they defined offenses and cases as well as in the
population of offenders over whom they exercised jurisdiction. In addition, we found varying
record retention practices among the jurisdictions with which we worked. Such differences
affected our decisions about which cases could be included and about the period of time from
which we were to draw our cases at each site. We describe below our multistaged sampling and
data coding process, which was designed to accommodate this variation and hence to produce a
comparable offender-level database across all jurisdictions.

SAMPLE SELECTION CRITERIA

Nature of Offense

To control for the effect of case type diversity on case outcomes, we targeted offenders
who had been arrested for two offense types: burglary and robbery, the most prevalent serious
property and personal crimes in most urban communities. To further control for variation
among case characteristics within these offense types, we limited our selection process to
residential burglary and armed robbery involving criminal incidents perpetrated against
strangers—i.e., against individuals with whom the offender had no known personal relation-
ship.?2 A stranger was defined in this context as someone who was not a current or former
family member, a domestic partner or roommate, or a crime partner, Neighbors, co-workers,
and acquaintances were therefore considered strangers.

To be included in our sample, an armed robbery or residential burglary charge had to be
among the initial charges in a case presented to the prosecutor for a filing decision (i.e.,, among
the charges the prosecutor would formally file against the defendant with the court, thereby
officially initiating the adjudication process). The sampled charge might have been the only
offense charged or one of several charges brought at the same time, The charges actually filed
by the prosecutor in most cases included the armed robbery or residential burglary, but this
target offense may have been dropped or reduced as the case proceeded through the adjudica-
tion process. Offenders with more than one case involving armed robbery or a residential bur-
glary were more likely to be included in our sample.

—

The sample design was finalized only after the three pilot sites had been completed. The criteria for selection of
cases in the pilot sites differed considerably from those used iri the other 11 sites. See App. A for a description of sam-
ple selection procedures at each site.

2These two additional restrictions were put into effect after the completion of fieldwork in Montgomery County,
Baltimore, and San Diego County.

10
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Offender Characteristics

We targeted only certain offenders in efforts to limit some of the variation in outcome
arising from offender characteristics. Specifically, we excluded female offenders and limited
the sample to males facing adjudication in adult court. With very few exceptions, all created
by waiver of jurisdiction from juvenile court, our sample consisted of adult males.

Urban Caseloads

As noted previously, sufficient numbers of armed robbery and residential burglary cases
could be obtained only through the use of large urban jurisdictions. In fact, many of our juris-
dictions, such as Baltimore, Manhattan, Queens, and Saint Louis, were entirely urban. Others,
however, extended beyond the central city to outlying suburban and rural areas, encompassing
several branch offices of the prosecutor and hence several different police departments, cities,
and/or branches of the court—all with separate databases. In such jurisdictions, we limited
our scope to the largest urban sampling frame. In Los Angeles County, for example, which
subsumes more than 25 relatively large cities (and many smaller ones) with over a dozen
prosecutorial branch offices, we chose the downtown Los Angeles office and examined cases
brought to that office by the Los Angeles Police Department.

Our decision to limit sampling to cases filed in the largest branch of a prosecutor’s juris-
diction meant that our sample generally reflects a caseload generated by the largest metropoli-
tan police department in each urban jurisdiction. Hence, the cases in our sample arise largely
from offenses that are committed in the central city and then adjudicated in urban courts.
Data presented throughout this report thus reflect this portion of a jurisdiction’s caseload
rather than its entire caseload.

Window Period

The final criterion for case selection centered on the period of time during which cases
were presented to the prosecutor for screening. Our estimates of caseload size, described in
Sec. II, suggested that 12 months’ worth of filings would be needed to ensure that sufficient
armed robbery and residential burglary cases were found to meet our target sample sizes
(described below). In this context, we wished to select relatively recent cases so that our
results would reflect as closely as possible the current situation at a given site. At the same
time, however, we wanted our cases to have been largely disposed by the time dsta collection
began. In addition, we had to find sampling frames with which to work, and local data reten-
tion practices restricted the time frames from which we could choose. At the onset of the
study, we selected from among 1985 caseloads. Data collection ai later sites used a 12-month
window that included 1986 cases.

SAMPLING STRATA AND TARGET SAMPLE SIZE

At each site, we attempted to draw a stratified random sample of cases with a fixed target
sample size for each stratum, or a quota sample. Qur design called for sampling to be derived
from all cases in the universe of cases pzesented to the prosecutor. The branching process
beginning at this point includes cases rejected by the prosecutor, cases filed as misdemeanors
or referred to misdemeanor jurisdictions, and cases filed as felonies. However, the offenses
presented to the prosecutor, not those subsequently filed, were the charges sampled. Our focus
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on armed robbery and residential burglary meant that in almost every jurisdiction, very few
cases proceeded past the point of screening with these charges as misdemeanors. For the
analyses discussed in subsequent sections of this report, we use only those cases filed as
felonies. Table 3.1 summarizes the strata and target sample sizes.

SAMPLE SELECTION PROCEDURES

In an ideal research setting, cases would be sampled directly from the universe of cases of
interest. Such a sample would thus consist of a list of unique individuals—none of whom
would appear more than once—who had been charged with one of the target offenses during
the window period. On this list, we would find all the informalion we needed to stratify the
sample according to our design. No jurisdiction, however, had such a framework. Thus, we
began instead by identifying the available record systems and by learning the characteristics of
the cases that these systems contained. Then, after investigating a number of possibilities—
sometimes including handwritten intake logs, computerized records, and court and other
agency databases-—~we identified a source list known as the sample frame.

We began the multiple stages of sampling in each site by drawing a sample from the
frame or frames available to us, each of which consisted of an exhaustive list, usually machine
readable, of all offenders charged with certain offenses during a certain period of time. This
list usually differed from our targeted universe in a number of ways. For example, it generally
contained more than one record for some offenders; included females, juveniles, or cases that
occurred outside the sample window; encompassed persons charged with nontarget offenses
(e.g., strong-arm robbery or nonresidential burglary); subsumed cases for only a portion of the
12-month window period; and, in some jurisdictions, excluded lower-court and rejected cases,
thus requiring that we either work with more than one frame or eliminate these strata from
the sample.

From the frame, we drew a random sample of cases called an extract. The number of
cases in this extract exceeded that of the ultimate sample to allow for the misfit mentioned
above, Each case in the extract was assigned a random number and was then ordered in terms
of this number. Eixtracted cases were subsequently processed in this order until the required
number of cases was coded. This usually left several extracted cases that we never
considered—a set called the oversample.

We called a case lost when we encountered an extracted record but could find no further
field information—i.e., if the case file could not be located. The balance—that is, the extracted
cases minus the lost cases and the oversample—was designated the field sample. - For the

Table 3.1

SAMPLING STRATA AND TARGET SAMPLE SIZES

Prosecntor’s Initial Decision

Offense Brought File in File in
by Police Reject Lower Court Upper Court Total
Residential burglary 15 25 60 100
Armed robbery 16 25 60 100

Total 30 50 120 200
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purpose of making inferences about the target population, we have assumed that the field sam-
ple constitutes a random sample of cases from the original sample frame.

Certain cases were eliminated from the field sample—for example, duplicates (i.e., cases
in which the offender’s name appeared more than once); cases that were not in the sampling
universe (e.g., cases in which the offender was a female or a juvenile, or in which the offense
occurred outside the target-window period); and frame errors (i.e., data processing mistakes in
the preparation of the original frame or of the extract). Cases remaining after these had been
eliminated were collectively designated the screening sample. Cases that did not satisfy the tar-
get offense definitions were then eliminated as well—e.g., burglaries of commercial buildings
rather than residences; strong-arm rather than armed robberies; and robberies or burglaries of
family members rather than strangers,

The sample that remained after all these cases had been eliminated constituted our final
coded sample. Given the size of the final coded sample, we could then estimate the number of
target cases in the universe by assuming that the coded sample bore the same relation to the
field sample as the universe bore to the frame. That is, we assumed that;

Universe = (Frame) (Coded Sample/Field Sample)

Table 3.2 shows the number of defendants for each offense type in each site as we pro-
ceeded through the stages of selecting the extract, locating records for the field sample, elim-
inating ineligible cases, and screening the resulting sample for targeted offenses. This informa-
tion is broken down by sampling stratum—reject, lower-court misdemeanor, and upper-court
felony—within each offense type. The analysis sample consisted of the coded cases with suffi-
ciently complete data to permit analysis,

THE SAMPLED INCIDENT AND OVERLAPPING CASES

The case that resulted in the offender’s selection is called the sampled incident. At any
given point in time, however, an offender may have committed several offenses, may be the
subject of several prosecutions, or both. Such differing offenses may result in different
prosecutions, or offenses might be combined and prosecuted simultaneously. Moreover, dif-
ferent prosecutions may proceed independently but may nonetheless be “related.” For exam-
ple, an offender could be arrested for an incident that occurred while he was awaiting trial for
another offense, and this could affect the decision to prosecute as well as other decisions made
in the course of the prosecution.

“Related” incidents involving a single offender are what we define as an overlapping set of
cases, or 0SOC. Such incidents may be related in at least two ways:

(1) Two different offenses can be adjudicated together; or
(2) Two different adjudications can overlap.

An adjudication window (or processing period) begins (or opens) on the day of a screening
decision (intake date) for a case and ends (or closes) on the day the case is finally disposed.
Two windows (or periods) are said to overlap if at least one day is common to both.

With respect to a sampled incident, an overlapping case is either (1) a criminal incident
that differs from the sampled incident but is adjudicated together with the sampled incident, or
(2) a criminal incident that was not adjudicated with the sampled incident but whose window
overlapped with the sampled incident’s window. The following examples illustrate the distinc-
tion between a sampled case and an overlapping case:



Table 3.2

SAMPLE ACCOUNTING BY SIX STRATA

Extract
Offense Type
and Estimated Over- Field Screened Coded
Site Status? Universe sample Lost Sample Sample Sample
Montgomery B Rej 12 0 5 15 9 9
B Low 32 0 10 25 23 23
B Up 68 0 1 79 67 67
R Rej 13 0 3 12 10 10
R Low 16 0 7 12 10 10
R Up 66 0 0 74 66 66
Baltimore B Rej 16 0 4 16 13 13
B Low 19 0 0 54 19 19
B Up €9 13 0 58 56 56
R Rej 17 0 3 16 14 14
R Low 15 0 0 54 156 15
RUp 72 13 0 60 59 59
San Diego B Rej 216 128 34 25 23 16
B Low 0 0 0 0 0 0
B Up 839 0 36 235 229 127
R Rej 71 71 12 23 22 14
R Low 0 0 0 0 0 0
R Up 319 0 79 218 215 120
Sacramento B Rej 65 0 40 36 33 17
B Low 0 0 0 0 0 0
B Up 351 0 a7 151 143 71
R Rej 38 0 31 34 32 20
R Low 0 0 0 0 0 0
R Up 201 0 32 156 151 83
Los Angeles B Rej 259 75 9 41 40 16
B Low 0 0 0 0 0 0
BUp 539 150 11 139 135 90
R Rej 599 65 11 49 48 17
R Low 0 0 0 0 0 0
R Up 685 1 17 282 278 89
Fort Worth B Rej 29 0 1 24 23 16
B Low 0 0 0 0 0 0
B Up 399 0 5 105 97 83
R Rej 24 0 0 32 31 21
R Low 0 0 0 0 0 0
RUp 293 0 4 140 124 83
Dallas B Rej 66 15 2 18 18 15
B Low 0 0 0 0 0 0
B Up 847 2 17 101 89 85
R Rej 222 34 5 21 18 15
R Low 0 0 0 0 0 0
R Up 431 38 40 112 87 85
Manhattan B Rej 1 0 0 4 4 1
B Low 262 0 26 74 73 35
B Up 438 0 73 92 91 70
R Rej 25 0 3 22 22 9
R Low 1,687 0 22 8 78 31
R Up 2,315 0 66 149 148 66



Table 3.2—continued

Extract
Offense Type
and Estimated Over- Field Screened Coded
Site Status® Universe sample Lost Sample Sample Sample
Queens B Rej 0 0 0 0 0 0
B Low 78 0 42 58 53 31
B Up 341 9 64 92 86 72
R Rej 0 0 0 0 0 0
R Low 166 0 51 64 55 30
R Up 526 0 100 1256 118 71
Detroit B Rej 0 0 0 0 0 0
B Low 0 0 0 0 0 0
B Up 357 54 5 121 115 101
R Rej 0 0 0 0 0 0
R Low 0 0 0 0 0 0
R Up 518 49 5 126 116 109
Chicago B Rej 0 0 0 0 0 0
B Low 0 0 0 0 0 0
B Up 1,092 0 26 149 109 104
R Rej 0 0 0 0 0 0
R Low 0 0 0 0 0 0
R Up 1,289 18 45 117 106 102
Kansas City B Rej 0 0 0 0 0 0
B Low 0 0 0 0 0 0
B Up 248 58 9 113 111 105
R Rej 0 0 0 0 0 0
R Low 0 0 0 0 0 0
R Up 181 51 15 114 110 105
Saint Louis B Rej 0 0 0 0 0 0
B Low 101 25 8 52 52 26
B Up 232 36 18 186 174 (i
R Rej 0 0 0 0 0 0
R Low 13 0 7 17 16 9
R Up 184 4 28 118 108 94
Atlanta B Rej 20 7 0 23 22 15
B Low 0 0 0 0 0 0
B Up 325 95 0 145 139 83
R Rej 24 11 0 18 18 15
R Low 0 0 0 0 0 0
R Up 149 39 1 100 98 90
Totals B Rej 684 225 95 201 185 118
B Low 492 25 86 263 220 134
BUp 6,145 417 %02 1,766 1,640 1,191
R Rej 1,033 181 68 227 215 135
R Low 1,897 0 87 225 174 95
RUp 7,229 213 - 432 1,891 1,783 1,222

8B - burglary, R = robbery, Rej = rejected, Low = lower court, Up = upper court.
The analysis sample for this report was restricted to upper-court cases.
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A defendant robs one store. Five people are in the store, each of whom is robbed. No
other charges overlap this one in time. This is counted as one case with no overlapping
cases,

A defendant robs two stores on the same night. No other charges overlap this one in
time, and both robberies are prosecuted at the same time. This is counted as one case
with no overlapping cases.

A defendant robs two stores on the same night. He also steals a car that night. If the
auto theft is prosecuted along with the robberies (e.g., because the car was used in the
robberies), then the auto theft is classified as an “extra” case but not as an overlapping
case. However, if the auto theft is not joined with the robberies but is adjudicated sepa-
rately, it is counted as an overlapping case.

A defendant robs two stores, each one on a different night. The first incident is the one
sampled. The two incidents are prosecuted together (e.g., two counts of robbery). No
other charges are filed against the defendant. This is counted as two separate cases (the
sampled case plus one overlapping case).

Because most jurisdictions maintain files that are case rather than offender based, and
because the definition of a case varies across jurisdictions in terms of the number of incidents
it may include, the process of identifying defendants and their OSOC involved two stages.
First, a random sample of armed robbery and residential burglary cases was selected. Then a
unique set of individuals was chosen from this sample. If an individual had two or more cases,
the chronologically earlier case was designated the sampled incident.

The window of the sampled incident was defined as the span of time from the intake date
to final adjudication within the trial court of general jurisdiction, with appeals excluded. All
other cases with a similarly defined window that overlapped the sampled incident window were
then identified and included in the database.

Consequently, although each record in our database involves only one offender, a given
record may have data on more than one incident and more than one adjudication. For exam-
ple, there may be multiple incidents, or more than one incident adjudicated at the same time.
As an example, two different robberies constitute two different criminal incidents, but if both
occurred on the same day and were allegedly performed by the same person, that person might
be convicted for both offenses in a single trial and then be given a single sentence. For certain
statistical analyses, this type of overlapping case is designated an “extra” case.

The database may also contain related adjudications, or different adjudications of the
same offender for different incidents that may nonetheless be related. For example, an ongo-
ing adjudication may cause a prosecutor to think differently about a new case at the screening
decision. Or, as described by one prosecutor, a plea about to be entered on one case may be
thrown out upon addition of another case against the offender.

Figure 3.1 shows how cases overlapping in their period of adjudication are considered
together in our database. Practices across sites varied considerably with regard to how they
joined incidents into cases, but our database has taken this variation into account by assem-
bling data for all “cases” at the level of the criminal “incident.” Our disposition and sentenc-
ing information is linked across cases so that we can determine the net sentence imposed for
the OSOC.
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